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5 Neuro image
6 Electronic Health Record
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1 World Health Organization

2Attention Deficit Hyperactivity Disorder
3 Autism Spectrum Disorder

4 Self-report and declaration
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Deep learning for/in (Mental health and/or Mental Health Care
and/or mental illness and/or Mental disorder and/or mental
disease)

Machine learning for/in (Mental health and/or Mental Health
Care and/or mental illness and/or Mental disorder and/or
mental disease)
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% Artifitial Inteligence

10 Machine Learning

11 Deep Learning(DL)

12 Deep feedforward neural network (DFNN)
13 Recurrent neural network (RNN)

14 Convolutional neural network (CNN)

15 Autoencoder

16 Natural Language Processing
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Artificial intelligence for/in (Mental health and/or Mental

Health Care and/or mental illness and/or Mental disorder
and/or mental disease)

7 Electrophysiology Procedure
8 Electronic medical records
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29 Transfer Learning

30 pathogen

31 Magnetic resonance imaging (MRI)
32 Biomarkers
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17 Mass screening

18 Diagnostic imaging

19 Laboratory data

20 Electro-diagnosis

21 Genetic diagnosis

22 Clinical data

23 Operation notes

24 Electronic health records

25 Records from wearable devices

2 |nternational Classification of Diseases (ICD) and Diagnostic
27 Statistical Manual of Mental Disorders (DSM)
28 Alzheimer Disease (AD)
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33 Chatbots
3 Inner Speech
% Auditory Verbal Hallucinations(AVH)
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MDD= Major Depressive Disorder; DBNs = Deep belief networks;




