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Classification of celestial objects (galaxies, stars and quasars) using SDSS data and the
KNeighbors technique:

Salahshoor Gavalan, Hossein';
! Department of Physics, University of Tehran, Tehran
Abstract

SDSS is the name of a project in which a giant telescope is collecting accurate data in different wavelength bands.
In this study, we used the telescope's photometric data and separated galaxies, stars, and quasars from each other
using the Machine Learning Neighborhood method and SKlearn library.
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